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Abstract—Proactive and customized approaches are
necessary when it comes to the medical care of expectant mothers
and children. Even if early and accurate disease prediction is
based on readily available symptom information, it can
significantly improve outcomes by promoting timely therapies.
Extensive testing and specialist visits are common components of
traditional diagnosis techniques, which may be costly and time-
consuming, especially in situations with limited resources. This
study reconnoiters the potential of using Random Forest, a
powerful machine learning algorithm, to predict diseases in
children and pregnant women based on the symptoms that they
exhibit. This offers a possible choice for improved healthcare
delivery and early risk assessment. Making predictions about
childhood diseases, including pneumonia, malaria, and
malnutrition, based on reported symptoms, can significantly
lower morbidity and death. A Random Forest model can identify
the probability of certain diseases and provide rapid referrals for
additional testing and treatment when symptoms like fever,
cough, dyspnoea, and weight loss are entered. Communities that
are geographically remote and have limited access to specialized
medical care should pay special attention to this. The early
diagnosis of conditions including gestational diabetes,
preeclampsia, and anemia during pregnancy is crucial for the
mother's and the unborn child's health. Early detection of the
ailment allows for the timely implementation of preventative
measures, such as changing one’s lifestyle or taking medication.
The accuracy of the proposed Child healthcare system is 92%
which is greater than other present methods. This analysis is
based on the information provided by parents about the
symptoms of their child’s diseases.
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I.  INTRODUCTION

When it comes to providing medical care for pregnant
women and children, proactive and individualized approaches
are required. It is possible to greatly improve outcomes by
supporting timely interventions through the use of early and
precise disease prediction, even if it is based on information
that is easily available on symptoms [1,2]. Traditional
methods of diagnosis frequently include extensive testing and
visits with specialists, both of which may be time-consuming
and expensive, particularly in contexts where resources are
limited. Utilizing Random Forest, a strong machine learning
algorithm, this study investigates the possibility of utilizing it
to forecast diseases in children and pregnant women based on
the symptoms that they present with [3, 4, 5]. This presents a
potential option for early risk assessment and enhanced
healthcare delivery. A considerable reduction in morbidity and

mortality can be achieved by using reported symptoms to
make predictions about diseases that affect children, such as
pneumonia, malaria, and malnutrition [6, 7]. When symptoms
such as fever, cough, trouble breathing, and weight loss are
input into a Random Forest model, the model is able to
determine the likelihood of these diseases and prompt timely
referrals for further examination and treatment [8]. This is of
particular importance in communities that are geographically
isolated and have restricted access to specialized medical care.
To ensure the health of both mommy and unborn child, it is
essential to diagnose issues such as gestational diabetes,
preeclampsia, and anemia at an early stage during pregnancy.
To determine the likelihood of these illnesses, a Random
Forest model can be used to take into account symptoms such
as high blood pressure, oedema, and weariness [9, 10]. By
identifying the circumstance at an early stage, it is possible to
take preventative measures, such as making changes to one's
lifestyle or taking medicine, at the appropriate time [11, 12].

Starting with pregnancy and continuing through postnatal
recovery and beyond, the experience of motherhood is a
critical era that calls for healthcare that is not only all-
encompassing but also rather simple to obtain [13]. It might be
challenging for traditional healthcare systems to provide the
essential support that is both consistent and individualized at
the same time during certain situations [14, 15]. The potential
for care gaps and poor health impacts for both mothers and
neonates can arise as a consequence of this possibility [16].
On the other hand, the incorporation of intelligent healthcare
systems is not only proving to be innovative but also
introducing novel solutions to improve the health of mothers
and children [17, 18].

Intelligent healthcare systems make use of technology to
personalize and enhance the quality of care that is offered
throughout the entire process of motherhood [19, 20, 21]. All
of the following are included here:

e Wearable sensors and smartphone apps have the power
to monitor vital signs like blood pressure, heart rate,
and weight in pregnant women. Additionally, they can
measure foetal activity and even levels of stress. This is
a noteworthy progression in the field of monitoring
pregnant women [22]. With the use of this real-time
data, medical professionals are able to take
preventative actions with regard to potential problems
and are able to spot any consequences at an earlier
stage. Remote monitoring helps women feel more in
charge of their treatment and reduce the number of
times they have to go to the hospital [23, 24]. This is
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accomplished by giving women the ability to take
andynamic role in their own personal care [25, 26].

e Pregnancy Plans Tailored to the Individual: In order to
generate personalized pregnancy plans, systems that
are drove by artificial intelligence are able to evaluate
the information of individual patients, as well as their
genealogical and lifestyle characteristics [27, 28]. The
purpose of these programs is to provide precise
recommendations on nutrition, physical activity, and
prenatal care in order to increase the likelihood of a
successful pregnancy and birth [29, 30].

e Enhancement of Postnatal Care and Treatment: It is
necessary for both the mother and the child to get
postnatal care in order to facilitate their physical and
mental rehabilitation [31]. Utilizing intelligent
technology makes it possible to more easily complete
tasks such as the remote observation of postnatal
hemorrhage, the identification of dangers for infection,
and the evaluation of markers of mental health [32,
33]. Through the utilization of telehealth consultations,
it is possible to simplify the process of gaining access
to healthcare specialists [34]. These consultations help
alleviate the burden of physically travelling and offer
support in a timely manner. Chatbots that are driven by
artificial intelligence are capable to provide answers to
frequently asked questions, offer reassurance, and
provide support in a timely manner [35, 36].

e Management of Vaccination: Intelligent systems have
the capability to improve vaccination schedules for
moms as well as infants. These systems can take
advantage of timely notifications and reminders to
ensure that immunizations are provided at the proper
time. As a consequence, this leads to an increase in
compliance as well as a reduction in the risk of
diseases that can be maintained through vaccination. In
order to enhance the efficiency of public health
surveillance, integrated systems for data management
make it possible to monitor vaccination records in a
manner that is both effective and efficient[37,38].

There are a plethora of benefits that may be gained from
incorporating intelligent healthcare systems into postnatal care
and motherhood, some of which include the following:

e Improvements in the health outcomes of mothers and
children: There are a numeral of aspects that contribute
to improved health outcomes for women and children,
including the early discovery of issues, the
enhancement of access to healthcare facilities, and the
provision of individualized care [39, 40].

e Remote monitoring and consultations through
telehealth have the potential to minimize the need for
expensive hospital visits as well as the overall amount
of money spent on healthcare. This can result in a
reduction in the overall cost of healthcare [41, 42].

e Access to healthcare is improved: Smart technologies
have the ability to transcend geographical borders and
improve access to healthcare facilities. This is
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especially beneficial for women who reside in areas
that require more medical attention [43].

e Increased patient involvement: Personalized planning
and remote monitoring create an environment that
encourages increased patient involvement and gives
women the opportunity to plays an active part in their
own medical treatment.

e The utilization of data-driven insights, which are
obtained by intelligent systems, can be utilized to
accomplish a number of goals, including the
identification of trends, the improvement of healthcare
policy, and the development of therapies that are more
successful.

In spite of the fact that intelligent healthcare systems have
a great covenant of promise, there are numerous challenges
that must be overcome to implement them:

o It is of utmost importance to protect the confidentiality
and safety of private information pertaining to patients.
Maintaining compliance with data privacy regulations
and putting in place robust security measures is an
imperative necessity [44].

e In order to combat the digital divide and prevent
existing health inequities from becoming even more
pronounced, it is crucial to guarantee that everyone has
equal access to digital technology and knowledge [45].

o Integrated system integration with systems that are
already in place: It is absolutely necessary to make
certain that there is a smooth interaction with the
healthcare infrastructure that is already in place in
order to guarantee positive adoption.

e Ethical considerations taken into account: In order to
solve ethical concerns regarding artificial intelligence
algorithms, prejudice, and the possibility of human
error, it is of utmost necessity to address such issues.

The deployment of intelligent healthcare systems has the
prospective to greatly improve a number of aspects of
healthcare, including motherhood, postnatal care, and
vaccination. Such systems have the probable to increase the
quality of care, result in improved health outcomes, and
promote equity in terms of access to medical services for both
women and babies. This is because they make use of the
power that technology has. In order to make the most of the
opportunities presented by this innovative strategy, it is vital
to report the challenges that are associated with it. This can be
accomplished by deliberate preparation, collaborative effort,
and a focus on ethical considerations [46].

When it comes to providing medical care for pregnant
women and children, proactive and individualized approaches
are required. It is possible to greatly improve outcomes by
supporting timely interventions through the use of prompt and
accurate diagnosis, even if it is based on information that is
easily available on symptoms. Traditional methods of
diagnosis frequently include extensive testing and visits with
specialists, both of which may prove time-consuming and
expensive, particularly in contexts where resources are
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limited. Utilizing Random Forest, a strong machine learning
algorithm, this study investigates the possibility of utilizing it
to forecast diseases in kids and pregnant women based on the
symptoms that they present with. This presents a potential
option to early risk assessment and enhanced healthcare
delivery [47].

A considerable reduction in morbidity and mortality can be
achieved by using reported symptoms to make predictions
about diseases that affect children, such as pneumonia,
malaria, and malnutrition. When symptoms such as fever,
cough, trouble breathing, and weight loss are input into a
Random Forest model, the model is able to determine the
likelihood of such illnesses and prompt referrals for further
examination and treatment. This is of particular importance in
communities that are geographically isolated and have
restricted access to specialized medical care [48].

To ensure the health of both the mother and the unborn
child, it is essential to diagnose issues such as gestational
diabetes, preeclampsia, and anemia at an early stage during
pregnancy. In order to determine the likelihood of these
illnesses, a Random Forest model can be used to take into
account symptoms such as high blood pressure, oedema, and
weariness. By identifying the condition at an early stage, it is
possible to take preventative measures, such as making
changes to one's lifestyle or taking medicine, at the
appropriate time [49,50].

Il. RELATED WORK

In the study [51], a strategy was devised to estimate the
amount of hospitalization days for newborn patients. The RF
approach, together with a dataset of records retrieved through
a hospital database, was used to create a model for predicting
hospital stays. The RF method outperformed the Adaboost and
Bagging methods in terms of prophetic accuracy, with RMSE
of 0.314, R2 of 0.706, |R| of 0.545, and Acct1 of 71%.

In [52], the authors present an integrated healthcare system
that may be tailored to the child's condition and allows for the
accurate distribution of information directly to parents, carers,
pediatricians, and hospitals. The healthcare reminder and data
dissemination method will be provided immediately to the
parents’ cellphones. A single-click idea also allows parents to
contact their pediatrician or hospital instantly in an emergency
situation. All of the child's daily data, including diet, activity,
medicine, and treatment, will be stored in an Electronic
Medical Record and shown as a chart to help parents and
pediatricians monitor the child's health state. Finally, the
adoption of this comprehensive framework protects the child
from a variety of health risks, such as drug complications,
dietary and activity errors, and inaccuracies in health care
delivery.

In [53], the authors seek to create a framework for
designing a pediatric healthcare-built environment by looking
at particular therapeutic objectives and design issues. A
growing body of research reveals that the characteristics of
pediatric healthcare facilities vary from those found in adult
healthcare facilities; thus, the results of adult health design for
facilities cannot be applied to pediatric healthcare facility
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design. Furthermore, studies focusing on architecture in
pediatric healthcare are limited.

In [54], the authors wused Walker and Avant's
conceptualization technique, which entails an efficient process
that includes the idea selection, setting objectives, seeing
possible uses, defining attributes, building a model case,
determining contrary cases, establishing the cause and effect,
and examining empirical referents. A scoping study was
undertaken using a variety of sources like online dictionaries,
scientific databases, and grey literature, with an emphasis on
literature relevant to CFH. That study also defined the reasons
for and effects of CFH, established model and counter-model
situations, and investigated empirical references to provide a
thorough knowledge of the idea.

I1l. RANDOM FOREST

Within the realm of machine learning, the search for
expectation models that are both more accurate and more
reliable is continually ongoing. Among the many algorithms
that are available to data scientists, the Random Forest
algorithm stands out as an approach that is both versatile and
powerful. Within the scope of this study, the fundamental
ideas behind the Random Forest are investigated, along with
its advantages, disadvantages, and applications in the real
world [49].

In its most fundamental form, a Random Forest relies on a
collaborative learning approach that is founded on the concept
of "wisdom of the crowd". It does this by utilizing the power
of numerous decision trees, each of which has been trained
using an entirely distinct subset of the data and characteristics,
in order to arrive at a forecast that is more accurate and
trustworthy than any single tree could possibly achieve.
Imagine that a group of specialists, each of whom possesses
slightly distinct abilities and points of view, are working
together to find a solution to a difficult problem. A
comparable idea underlies the operation of the Random
Forest. Contemplate it in this manner:

e The forest contains a great number of decision trees.

e The growth of each tree is accomplished by the use of
randomization algorithms.

What makes the Random Forest so appealing is the fact
that its creation method is not overly complicated but still
quite efficient:

e The initial data set is selected at random with
replacement numerous times, resulting in the creation
of several "bootstrap™ datasets. This technique is also
known as "bagging and bootstrapping”. One among
these bootstrap samples is used to train each tree in the
population. This not only increases diversity but also
decreases the likelihood of "overfitting".

e The Random Forest algorithm doesn’t taken into
account all of the available features when it splits a
node in a decision tree. This is referred to as feature
randomness or feature subsampling. Instead, it chooses
between a subset of features at random in order to
determine which split is the most appropriate. This
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adds another layer of diversity to the trees, helping to
create an even more robust ensemble.

e Growing Decision Trees: To capture the intricate
relationships that exist within the data, each decision
tree is developed to its greatest depth without any
pruning.

e Aggregation of Predictions: When it comes to
classification tasks, the Random Forest algorithm
determines which class has the highest number of votes
from all of the trees. For tasks involving regression, it
takes the average of the predictions made by all of the
trees.

Popular Python packages such as Scikit-learn offer
versions of the Random Forest algorithm that are simple to
use. Tuning the following hyperparameters is essential:

e A number that represents the total number of trees in
the forest. When this value is increased, performance is
generally improved; however, the amount of time spent
training is also increased.

e The number of features that are taken into
consideration while dividing each node is named
max_features.

e max_depth is the amount of depth that each tree can
reach.

e min_samples_split is the minimal number of samples
that must be split to have an internal node to be
divided.

e The minimal number of samples that must be extant at
a leaf node is denoted by the min_samples_leaf
variable.

It is a robust and adaptable machine learning method that
delivers an intriguing blend of accuracy, resilience, and ease
of use. The Random Forest algorithm is a combination of
these three characteristics. Despite the fact that it is essential
to be aware of its limits, the fact that it is able to manage
complicated datasets and offer accurate predictions makes it
an extremely useful tool for data scientists and machine
learning practitioners in a broad variety of applications. You
may harness the potential of the Random Forest to tackle
difficult prediction issues and obtain useful insights from your
data if you have a solid understanding of its fundamental
concepts and if you carefully tune its hyperparameters. In
order to guarantee the dependability and generalizability of the
model, it is essential to conduct appropriate evaluation and
validation, just as it is with any other machine learning
technique. From our study we find that the Accuracy, recall
and precision for RF is greater than SVM and DT. Hence, we
decide to work with RF classifier [50].

1V. CHS FRAMEWORK

Random Forest is a type of ensemble learning that works
by generating many decision trees and merging the results of
those trees to enhance the overall performance of the system.
As a result of its precision, resilience, and user-friendliness, it
has become a widely used algorithm. Random Forest is an
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excellent option for healthcare applications since it can
manage numerical and categorical information. This makes it
an appropriate choice for situations where multiple categories
of data are frequently collected.

The following instructions are included in the framework
that has been suggested for the healthcare system of children
that makes use of Random Forest, as shown in Fig. 1:

Modelling

Data Pre- Evaluation
Collection => Processing e —

Fig. 1. Healthcare system using random forest.

e Data Collection: The main phase in the framework
needs collecting data from a variety of sources,
including clinical trials, electronic health records, and
public health databases, among other places. The data
ought to contain information on the child's health

status, demography, lifestyle, and environmental
factors. Environmental elements should also be
included.

e Preprocessing of Data: To guarantee the data's quality
and relevance, it is necessary to preprocess the data
that has been acquired. Following this phase, the data
will be cleaned, normalized, and feature selection will
take place. Removal of missing values, duplicates, and
outliers are all components of the data cleaning
process. In order to eliminate any potential bias
towards characteristics that have higher values, the
process of normalization involves scaling the data into
a common range. ldentification of the features that are
most pertinent to the prediction task is the process that
is referred to as feature selection.

e Modelling Instruction: After the data has been
preprocessed, it is utilized in the training of Random
Forest model. The training of the model allows it to
make predictions about a variety of health outcomes,
including the likelihood of developing a specific
disease, the efficacy of a therapy, and the risk of
adverse events. A select portion of the data is utilized
for the training of the model, while the remaining data
is utilized for testing and validation purposes.

e Evaluation of the Model: The trained model is
evaluated using a variety of metrics, including
accuracy, precision, recall, and F1 score, among others.
In addition, the performance of the model is evaluated
through the use of cross-validation. This method
involves the data being divided into numerous folds,
and the model being trained and tested on each fold.

Random Forest may be utilized in the healthcare system
for children to make predictions about diseases depending on
the symptoms that are input. It is possible to train the
algorithm using a huge dataset consisting of historical patient
records, which may include diagnoses, symptoms, and other
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pertinent information. A healthcare provider can enter
symptoms into the model, and once it has been trained, it can
be used to make predictions about the likelihood of a specific
disease based on those symptoms.

In the context of the healthcare system for children, the
following steps (shown in Fig. 2) provide an outline of how
Random Forest might be applied:

o Collection of Data: The first thing that needs to be done
is to gather a substantial amount of patient records
from the past. In the dataset, there should be
information on symptoms, diagnoses, and other factors
that are pertinent, such as age, gender, and medical
history.

e Itis necessary to do data preprocessing on the raw data
that was gathered in the first stage. This is done in
order to eliminate any inconsistencies, missing values,
and outliers. A normalization and standardization of
the data should also be performed in order to guarantee
that all of the features have the same scale.

e In the following stage, which is called "Feature
Selection,” the most important features which shall be
utilized in the training of the model, known as Random
Forest, are chosen. The selection of features is an
essential phase since it has the potential to have a
substantial influence on the overall performance of the
framework.

e Training the Model: After the characteristics that are
pertinent to the problem have been chosen, the
Random Forest model can be trained using the data
that has been preprocessed. On the basis of the
symptoms that are input, the algorithm is trained to
make a prediction about the diagnosis.

e After a framework has been properly trained, it must be
assessed to guarantee that it's accurate and dependable.
This evaluation must take place right after the training
process. A number of evaluation criteria’s, includes
accuracy, precision, recall, and F1 score, can be
utilized to accomplish this goals.

Data Pre-Processing Feature

Collection [ —>|  Sclection
Testing :an(l <= Training
Evaluation

Fig. 2. Proposed model using random forest.

In the event that the model has been validated and
reviewed, it will then be able to be implemented inside the
infant and child healthcare system. With the help of the model,
medical professionals can input symptoms and then receive a
forecast of the condition that is most likely to be present.
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V. RESULTS AND DISCUSSION

In discussion to proposed method, deployment of the
model occurs once it has been trained and evaluated, at which
point it is ready to be implemented inside the child healthcare
system. The model is capable of being included into clinical
decision support systems, mobile health applications, and
electronic health records. The model is able to make forecasts
and suggestions to healthcare practitioners in real time, which
improves both the quality of care and the speed with which it
is delivered.

Continuous monitoring and updating of the model: In
order to guarantee that the model is accurate and up-to-date, it
should be regularly monitored and updated. This comprises
monitoring the performance of the model over a period of
time, including fresh data into the model, and retraining its
model with any new features or techniques that have been
included.

Within the context of the child healthcare system, the
Random Forest framework may be utilized for a variety of use
cases, including the following:

e The Random Forest model can be taught to forecast the
likelihood of a kid getting a specific ailment, like
asthma, diabetes, or obesity. This can be accomplished
by the utilization of the Random Forest algorithm.
There are a number of aspects that can be taken into
consideration by the model, including the child's age,
sex, genealogy, and lifestyle.

e [Effectiveness of Treatment: The Random Forest
method may be utilized to provide predictions on the
efficacy of a specific treatment or intervention. There
are a number of elements that can be taken into
consideration by the model, including the child's
current health state, demographic information, and
treatment history.

e Adverse Events: The Random Forest method might be
utilized to provide predictions on the likelihood of
adverse events, which may include accidents involving
drugs, infections, or injuries. There are a number of
aspects that can be taken into consideration by the
model, including the child's current state of health, the
pharmaceutical regimen, and environmental
circumstances.

In results of proposed system, it shows that, a framework
known as Random Forest is a powerful instrument that can be
used to enhance the healthcare system for children. The
framework is able to provide real-time forecasts and
suggestions to healthcare professionals by utilizing data-
driven methodologies. This results in an improvement in both
the quality of care and the efficiency with which it is
delivered. The paradigm is applicable to a wide range of use
cases, including the predictability of diseases, the success of
treatments, and the occurrence of adverse events. Continuous
monitoring and updating of the framework is necessary in
order to guarantee that it is accurate and continues to be
relevant. The Random Forest framework has the potential to
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significantly contribute to a more positive and healthier future
for our children if it is implemented appropriately.

As can be seen in Fig. 3 and Fig. 4, the process of
registering as a physician within a child healthcare system is
more severe than the process of registering as a general
practitioner. This is because pediatric patients have distinct
vulnerabilities and requirements that are not shared by general
practitioners. This section provides an overview of the most
essential action steps and aspects to take into consideration,
highlighting the variations that may be present based on the
specific system and the geographical region; it also provides
an overview of the factors that should be taken into
consideration.

It is necessary for medical practitioners to satisfy a variety
of qualifying standards before they can begin the process of
registering their services. These typically consist of the
following:

e Obtaining a Medical Degree and a License: It is
absolutely necessary to be in possession of a valid
medical degree from an educational establishment that
has been awarded accreditation, in addition to a valid
license that does not contain any restrictions, in order
to continue practicing medicine in the jurisdiction that
is applicable. There are a number of medical
specializations that are regularly required or suggested
by hospitals and other medical facilities. Some
examples of these specializations include pediatrics,
neonatology, and child psychology.

e Years of experience: Many systems, particularly those
in the field of pediatric care, require candidates to have
a specified number of years of experience in addition
to post-graduate training. The fact that this is the case
ensures that a certain level of knowledge and
experience is there with regard to the particular
challenges that are associated with treating children.

e Background checks: It is standard procedure to do
thorough  background  checks, which include
determining whether or not the individual in question
has a criminal history and confirming the individual's
professional credentials. In order to guarantee the
patient's safety and protection, this task is carried out.

e CME, which stands for continuing medical education:
Evidence of continuous education and a dedication to
staying current with the most recent advancements in
pediatric medicine are frequently required to be
provided. This is a requirement that is frequently of
critical importance. There is a possibility that
continuing medical education (CME) classes or
certifications will be necessary.

In the event when you are interested in enrolling in the kid
healthcare system, it is of the most importance to guarantee
that you thoroughly examine the particular regulations and
guidelines that are provided by that system. It is strongly
suggested that you get in touch with the system's registration
department as soon as possible in order to gather information
that is not only accurate but also up to date. Fig. 5 shows the
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GUI for doctor login for accessing the patent information Fig.
6 shows the window of user for doctor assign for further
treatment, whereas Fig. 7 and Fig. 8 shows the GUI for
diseases identification based on input and remedies for
treatments. Whereas, Fig. 9 shows the Accuracy, Recall and
Precision of proposed method using RF. The accuracy of
proposed method is compared with SVM and DT, and is
found that the accuracy of RF is good as compared to others,
as shown in Fig. 10.

Doctor Registration

Fig. 3. Doctor registration process.

Fig. 4. Mother registration process.

Doctor Login

Fig. 5. Doctor login system.

Hello Doctor Mahesh Mahant 1!

Patients Assigned

Fig. 6. Patients assigned to specialist doctor by framework.
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In case of security of framework, we suggests regular
monitoring and audit of the system. Also the access is
controlled to limited persons, i.e. doctors and parents. Also RF
model is trained with resilience to adverse attacks, which can
reduce the misdiagnosis and mistreatments. Also we suggests
to regularly evaluate the model for provide further security to
systems and user.

® Al-Based Medical Diagnosis
Assistant

%, Select Symptoms

o o o Sl e e

Disease Description

& Precautions

Fig. 7. Disease identification using the symptoms of the child by using
framework.

Fig. 8. Disease identification using symptoms and remedies to child using
framework.

Accuracy mPrecision Recall

N
(=)}

91.7

90.8

Proposed method

Fig. 9. Parameters for proposed method.
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Fig. 10. Comparison with esteemed methods.

Vol. 16, No. 6, 2025

VI. CONCLUSION

The Random Forest algorithm provides a promising
method for utilizing symptom information to anticipate
diseases in healthcare systems that serve pregnant women and
children. Interventions may be implemented at the appropriate
time if the risk of various disorders is precisely assessed. This
will ultimately result in improved health outcomes and a
reduction in the expenses of healthcare. However, in order to
guarantee a responsible and efficient implementation, it is
necessary to give careful thought to the quality of the data,
ethical issues, the integration with the systems that are already
in place, and the explainability of the model. The
implementation of RF-based solutions has the prospective to
revolutionise the delivery of healthcare and enhance the well-
being of vulnerable populations, provided that research and
development efforts are maintained. The accuracy of proposed
method is 92% and is greater than other methods. In Future,
the system will be implements using loT and Al based
Decision making to avoid the misdiagnosis of symptoms.
Depending on symptoms, the prediction is made. Also we
suggests to employ the KSK approach in future.
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